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ABSTRACT:

This paper summarizes research on Big data analytics which was growing rapidly with the flood of data
traffic exchanged day by day. As the increase of vast data demands better data-driven decisions. In view
of commercial effect and to overcome competition we are looking forward to the best decision making to
manage this we need to go through the optimization of huge sets of data i.e., datasets. Here the idea in
this paper is to emerge Text mining techniques with big data which is a powerful tool to analyze textual
data and extract knowledge-based information for decision-making. Text mining also identifies various
patterns and correlations present in the data. Mining data of various types lead to different challenges
these days there are many tools that are developed to accept various forms and size of data related to the
digital world. Text mining techniques such as word association analysis, text clustering, word-level
analysis, topic modeling, and information retrieval, sentiment analysis, advanced techniques like how
fraud detection can be identified is specified in this paper.
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INTRODUCTION

In recent times BIGDATA plays a specific role in accepting data based on four v’s that is velocity,
variety, volume and veracity from diverse source of platforms in different design of data like structured,
semi-structured and unstructured .big data aids businesses in utilizing their data to find new
opportunities. This leads to more profitable business decisions, more efficient operations, and happier
customers. Cost reduction is one of the many benefits that big data and advanced analytics provide for
businesses with the ultimate goal of real-time analysis, big data analytics will increasingly put a
priority on data freshness, enabling more informed decisions and greater competitiveness. Text
databases are rapidly growing as a result of the large amount of information that is available
electronically. Today, more than 80% of knowledge is unstructured or only loosely organized. The
growing volume of text data renders outdated information retrieval methods ineffective.

Text mining focuses on information discovery from huge corpora of unstructured text, which is
essential for dealing with a variety of natural language processing tasks including such text
representation models, indexing and classification, topic analysis, semantic similarity search, explaining
patterns and subjects of interest (also known as descriptive text mining), sentiment analysis and opinion
mining, text summarization, chatbot or digital assistant generation, and so on. Data recovery, data
mining, Al, statistics, machine learning, and computational linguistics are all components of the
multidisciplinary discipline of text mining.

Text mining techniques

Word association analysis

Following a brief introduction, this section discusses extracting word associations from text data. The
paradigmatic relation and the syntagmatic relation are the two most fundamental word relationships.
These two types of relationships are fundamental and can be generalised to include fundamental
connections between elements in any order. Additionally, they can be used to generalise the
relationships between any elements in a language, including words and even complicated sentences. If
elements A and B may be substituted for one another, they are said to have a paradigmatic relationship.
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Thus, the two terms belong to the same semantic class or syntactic category. In most cases, they can be
swapped out for one another without impairing the reader's comprehension, so the statement would still
be understood. On the other hand, the two terms can be combined with one another in a syntagmatical
relation. As a result of their semantic similarity, the elements A and B can be combined with one another
in a sentence. However, generally speaking, they cannot be substituted for one another because the
statement would lose all meaning. Another way to look at the relationships is to think of them as:
(1) relationships that occur in comparable places in regard to the neighbours in the sequence
(paradigmatic relationship); or (2) relationships involving co-occurring elements that frequently appear
in the same sequence (syntagmatical relation). These two fundamental word relationships are
complementary. One can presume that words with high context similarity also have paradigmatic
relation while trying to uncover it. Therefore, each word's context similarity must be calculated. One
must look for words with high co-occurrences but relatively low individual occurrences in order to find
syntagmatic link. The reason for this is that certain terms frequently appear together. One must count the
number of times two words appear together in a context in order to calculate the syntagmatic
relationship (a sentence, a paragraph, or even a document). The co-occurrences and their individual
occurrences should then be compared. Since words that are syntagmatically related to one another
typically have a close relationship, both paradigmatic and syntagmatic relations are closely related.
They appear to be related to the same word, which implies that the two relationships can be discovered
together. Some of the statistical techniques used to find those kinds of relationships are introduced in the
following sections.

Text clustering

The goal of text clustering is to arrange a collection of unlabeled texts into groups where texts within
each group are more similar to one another than to texts in other groups. Text clustering algorithms
analyze the text to see if there are any natural clusters (groups) in the data. a procedure that uses
different clustering algorithms to autonomously classify text content into groups. When clustering is
done in a top-down and bottom-up manner, comparable terms or patterns are arranged and extracted from
various papers. As a consequence, separate divisions, referred to as clusters, are produced, and each
cluster contains a number of documents. The content of every document in a single cluster is remarkably
similar, whereas the content of documents in various clusters is distinct, improving the quality of
clustering. A basic algorithm for clustering texts tracks each document's subjects and assigns weights
based on how well the papers fall into each cluster.

Sentiment analysis : The goal of sentiment analysis (SA) is to glean sentiments, feelings, or views from
texts that have been made public by various data sources, such as SNs. In-depth research on SA's
primary tools and approaches is presented in this article. analysis of feelings. In the framework of
sentiment analysis, we look into image to text mapping.

The majority of sentiment analysis research conducted in the past uses text data. Recent studies (Yu et al.,
2016; Youet al., 2015; Wang et al., 2016) have put a lot of attention on sentiment analysis in pictures
and videos.

Visual sentiment analysis research is conducted in two ways: first, using hand-crafted features, and
second, using features produced automatically. A huge number of photos can be used to automatically
build robust characteristics using deep learning algorithms (Jindal and Singh, 2015). Word
representations and capsule networks are a fascinating area for sentiment analysis in NLP applications.

K-Means AlgorithmsThe k-imply technique divides the facts set into kclusters, wherein each cluster
issubjected to be represented through the imply of points; referred to as the centroid. A two-
steprepetitive technique is hired for theutility of the set of rules:
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(1) Assigningevery factor to the closest centroid. (2) Evaluating the centroids for a recentlydeveloped
group. The technique is ended while the cluster centroid involves aconstant price. The k-imply set of
rules has an in depth utility because of itsdirect parallelization. Furthermore, the order of respective facts
does now no longer have an effect on the k-imply set of rules which attributes the numerical traits to it.
It is needed tomention the most price of kat the start of the technique. The representationof the cluster is
made through the k-medoid set of rules that chooses the item adjoiningthe middle of the cluster. Though,
the choice of the kobjects is carried out randomly inthe set of rules. The decided on gadgets assist to
decide the distance. A cluster isformed on the idea of the closest item to k, while the opposite gadgets
collect theposition of krecursively until the specified excellent of the cluster is achieved

Topic modeling: An abstract "theme" that appears in a group of documents can be found using a topic
model, a form of statistical model. To find latent semantic structures in a text body, topic modelling is a
popular text-mining tool.

TextMining Process Phasa

Collactingdata

Tokenization

Compound word identification
Normalization

Namad entity racognition
Speach tageing

Y

Text

Pre-processing

phass

A

Content Analysis Dictionary basadtechniques
'k Algorithmic tachniquss
! ’ Stand alone analysis
Intagration Integration with larger aconomic

modal
Ope- rationalization of vanables

Figure:1
INFORMATION RETRIEVAL (IR)

A software programme used for information retrieval (IR), particularly for text-based information, can
be defined as one that organizes, stores, retrieves, and evaluates information from document repositories.
Although the system helps users locate the data they need, it does not clearly give users the answers to
their inquiries. It discloses the existence and whereabouts of any documents that may contain the
necessary information. Relevant documents are those that satisfy the user's request. A great IR system
will only return pertinent materials.

Summarizing study

Text summary condenses information in an effort to make it simpler for readers to recognize and
comprehend related source materials. Significant work has been done in recent years to develop and test
various techniques. for the various domains. Text summarization, or more specifically automated text
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summarization, is the process by which a computer creates a condensed version of the original text (or
group of texts), while maintaining the majority of the information available in the original text. Although
some information may be lost during this process, it is still very helpful for data compression. For
instance, there are many research resources available in the biomedical field, and summarizing this
information is quite helpful to researchers.

Trial and Error Analysis:

Assembling unstructured information from sources available in a range of document formats, such as
plain text, web pages, PDF records, etc. Data consistency is identified and removed from the data by pre-
processing and data cleansing operations. The data cleansing procedure ensures that only authentic text
is recorded and is used to get rid of stop words stemming (the process of figuring out a word's root and
indexing the data).The data set is reviewed and further cleaned using processing and controlling
operations. In the Management Information System, pattern analysis is used. For a powerful and
practical decision-making process and trend analysis, information processed in the aforementioned
processes is used to extract pertinent and significant data.

Text Analysis methods on Social Media

Application of Personality Representation Based on Facebook Data Extracted Features. In light of the
insightful research findings, the categorization methods and their applications were thoroughly
examined. The research study used 250 user instances from Facebook, drawn from a sample of 10,000
status changes provided by the My Personality project [53].The following two related goals of the study
are interconnected: Knowing the relevant personality-correlated indications that Facebook uses to
obliquely or overtly convey user data, as well as determining the viability of demonstrating prognostic
character in order to enable emerging intelligent systems, are two prerequisites. In order to improve the
output of the classifiers being evaluated, the study focused on promoting relevant characteristics in
models.

Data is being used across a wide range of fields, some for applications and some for scholarly research
[55]. This section presents updated developments pertaining to twitter data. The "Text Mining" process
is started by the collecting of documents from diverse sources. By using a text mining tool to
locate a specific document, its character sets and formatting are checked as part of its pre-processing
[56]. The document would then be monitored by a text analysis step. It is referred to as "Text analysis"
when semantic analysis is applied to extract reliable information from text. Text analysis methods are
widely available on the market. As long as it serves the organization's objectives, professionals can
combine different methodologies. Unless they have enough data, researchers frequently use the same
text analysis methods.

Page | 71 Copyright @ 2022 Authors



Dogo Rangsang Research Journal UGC Care Group | Journal
ISSN : 2347-7180 Vol-12, Issue-12, No. 03, December 2022

Text input

Dictionary

glossary l

Pre-processing

A

[ Text structure analysis ]

Word
or ) Qceurance
segmentation < statistics

Y

Keyword extraction

.

Text mining techniques

'

Knowledge based
information

*

[ Fraud detection ]

-

Final

information

Figure 2

Fraud Detection

Text mining has helped uncover fraud cases and help entire insurance companies, financial companies, and
social media. Businesses can now use text mining to process claims much faster without falling for
fraudulent claims. One very common use of text mining in relation to fraud detection is spam email
classification (also known as spam filtering). The classification problem is classifying spam and non-
spam emails. Another application is the classification of fake reviews for all kinds of products.
Classification of text into specific domains. For example, comparing spam emails to non-spam emails, or
detecting sexually explicit content. Text clustering for automaticallya hard and fast of documents.
Sentiment analysis: to identify and extract subjective information in documents. To find out what
your customers are saying about your business when they use social media. Well, the only limit is
your imagination.
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Document summaries that automatically provide the most important points of the original document.
This is especially suitable for summarizing messages. Learning relationships between named entities.
Here is an interesting article: Identifying Semantic Relationships between Named Entities from Chinese
Text .Another subtask of 7-NLP is POS or Part of Speech. This activity matches parts of speech such as
nouns, adjectives, and verbs to words in your text based on their context and relationship to adjacent
words. Another important task of NLP is resolving cross- references. Understanding and disambiguating
references to multiple entities in text.

A text mining system takes as input to collect financial statements. The first step in detecting fraudulent
financial reporting is to collect financial statements from both types of organizations (fraudulent or no
fraudulent).

A company with a fraudulent history can be identified by analyzing his AAER issued by the
SEC.Dataset must include non-fraudulent annual financial statements for each fraudulent organization.
A non-fraud organization must be the same size (based on assets or sales) as the fraud organization.
The second step is preprocessing, which extracts qualitative descriptions from financial statements and
organizes them into documents. This is because documents are the basic unit of analysis in text mining.
During preprocessing, convert words present in all documents to lower case so that the corpus (a
collection of documents) does not contain the same words such as "Legal” and "Legal" as different
words is needed. | need to remove all punctuation from the corpus, followed by all digits. The input to
the classifier should be text only. Stop words such as articles (a, the, etc.), conjunctions (but, and, etc.),
and prepositions (on, in, etc.) should also be removed during preprocessing document. The account
space does not require stemming. This is because inflected terms can have different meanings. Because
text mining considers a sentence as a collection of words and can change the order of words without
affecting the analysis results, it can ignore the syntactic structure of sentences in order to process the text in
an efficient way. However, we need to retain information about the occurrences of each word. This
unordered collection of his words is known as the "word bag". The word bag approach uses each word
occurrence as his feature to train the classifier. A "word bag" model represents each document with a
vector of the number of words that appear in the document. The vectors associated with each document
are compared to typical vectors associated with a particular class (fraud or non-fraud). Documents with
similar vectors are considered similar in content, but otherwise dissimilar .The vector space
generated above is used in the next step to classify organizations as fraudulent or non-fraudulent. We
recommend using support vector machines because SVM creates a hyper plane in the feature space that
best classifies fraudulent and non-fraudulent financial reports. The SVM takes a set of input data and,
given any input, predicts which of two possible classes (fraud or non-fraud) will form her output. Given
a set of training examples, each identified as belonging to one of two categories, the SVM training
algorithm builds a model that assigns new examples to either category. SVM is a supervised machine
learning technique, so it learns from the feature space of both cheating and non-cheating examples
present in the training set. Once this method is learned, it will be able to correctly classify fraudulent and
non-fraudulent organizations in the test data set. The accuracy of classification should be evaluated
using metrics such as accuracy, precision, recall (sensitivity of binary classification), F-score, and purity.
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